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Abstract.—Sequencing of target-enriched libraries is an efﬁcient and cost-effective method for obtaining DNA sequence
data from hundreds of nuclear loci for phylogeny reconstruction. Much of the cost of developing targeted sequencing
approaches is associated with the generation of preliminary data needed for the identiﬁcation of orthologous loci for probe
design. In plants, identifying orthologous loci has proven difﬁcult due to a large number of whole-genome duplication
events, especially in the angiosperms (ﬂowering plants). We used multiple sequence alignments from over 600 angiosperms
for 353 putatively single-copy protein-coding genes identiﬁed by the One Thousand Plant Transcriptomes Initiative to
design a set of targeted sequencing probes for phylogenetic studies of any angiosperm group. To maximize the phylogenetic
potential of the probes, while minimizing the cost of production, we introduce a k-medoids clustering approach to identify
the minimum number of sequences necessary to represent each coding sequence in the ﬁnal probe set. Using this method,
5–15 representative sequences were selected per orthologous locus, representing the sequence diversity of angiosperms
more efﬁciently than if probes were designed using available sequenced genomes alone. To test our approximately 80,000
probes, we hybridized libraries from 42 species spanning all higher-order groups of angiosperms, with a focus on taxa not
present in the sequence alignments used to design the probes. Out of a possible 353 coding sequences, we recovered an
average of 283 per species and at least 100 in all species. Differences among taxa in sequence recovery could not be explained
by relatedness to the representative taxa selected for probe design, suggesting that there is no phylogenetic bias in the
probe set. Our probe set, which targeted 260 kbp of coding sequence, achieved a median recovery of 137 kbp per taxon in
coding regions, a maximum recovery of 250 kbp, and an additional median of 212 kbp per taxon in ﬂanking non-coding
regions across all species. These results suggest that the Angiosperms353 probe set described here is effective for any group
of ﬂowering plants and would be useful for phylogenetic studies from the species level to higher-order groups, including
the entire angiosperm clade itself. [Angiosperms; Hyb-Seq; k-means clustering; k-medoids clustering; machine learning;
nuclear genes; phylogenomics; sequence capture; target enrichment.]
PLANT PHYLOGENETICS AND REDUCED REPRESENTATION
SEQUENCING
Progress in molecular phylogenetics has frequently
been a struggle between the availability of genetic
markers and the suitability of those markers for the
speciﬁc systematic study. This is especially true inplants,
for which numerous gene and genome duplication
events (Blanc and Wolfe 2004; Barker et al. 2009; Jiao
et al. 2011; Amborella Genome Project 2013) have
made identiﬁcation of universally orthologous genes
difﬁcult. As a result, phylogenetic inference in plants has
frequently relied on plastid markers, using either single
genes such as rps4 or rbcL (Palmer et al. 1988; Chase
et al. 1993; Soltis et al. 1993; Olmstead and Sweere 1994),
entire plastid exomes (Ruhfel et al. 2014; Gitzendanner
et al. 2018; Medina et al. 2018), or the full plastid genome
sequence (Carbonell-Caballero et al. 2015; Bernhardt
et al. 2017). Although sequence homology can easily
be determined for the plastid genome, thus being
universally applicable across plants, it is generally
considered to represent a single phylogenetic history
(Hudson 1992; Maddison 1997). In many cases, the
plastid genome is known to be incongruent with the
species trees inferred from nuclear genes, for example,
Picea, in the conifers (Sullivan et al. 2017), or the
Celastrales–Oxalidales–Malpighiales (COM) clade, in
ﬂowering plants (Sun et al. 2015). In cases where
nuclear data have been applied to plant phylogenetics,
researchers have generally relied upon relatively few
loci (e.g., ITS, reviewed in Alvarez and Wendel 2003;
low-copy loci reviewed in Zimmer and Wen 2012).
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However, studies of both empirical and simulated
data demonstrate that phylogenetic inference is most
accurate when conducted with tens to hundreds of
nuclear loci because historical processes such as deep
coalescence can be modeled (Degnan and Rosenberg
2006; McCormack et al. 2009; Smith et al. 2015).
Several reduced-representation sequencing methods
have been developed to sample hundreds of nuclear
loci for plant phylogenetic studies (reviewed in McKain
et al. 2018). These methods allow users to reap the
beneﬁts of high-throughput sequencing, yielding data
sets of tractable scale for phylogenetics without the
bioinformatic challenges and costs associated with, for
example, whole genome sequencing. Aside from cost
considerations, the decision of which method to use
depends on the taxonomic breadth of the study as well
as the availability of existing genomic resources. For
example, restriction site-associated sequencing methods
(RADseq or GBS) are an efﬁcient and cost-effective
way to generate single nucleotide polymorphisms
(SNPs) for lower-level phylogenetic studies without
having to rely on existing genome or transcriptome
sequences (Eaton et al. 2016). However, the markers
generated by this method are exclusive to the taxonomic
group for which they were developed and may
introduce a number of biases (reviewed in Andrews
et al. 2016). Another reduced representation method
that has been employed for plant phylogenetics is
transcriptome sequencing (Wickett et al. 2014; Yang
et al. 2015; Zeng et al. 2017; Walker et al. 2018).
Despite reduced costs compared with whole genome
sequencing, and increased efﬁciency in both library
construction and sequencing, transcriptomes are not the
most cost-effective and reproducible source of data for
phylogenetics. Assembled transcripts include members
ofmulti-copy gene families and other genes thatmay not
be phylogenetically informative, therefore, sequencing
cost and effort is not optimized for the reconstruction
of species trees. Furthermore, the same genes may not
be expressed in the same tissues for all targeted taxa,
reducing reproducibility and increasing the amount of
missingdata. Finally, generating transcriptomicdata sets
requires fresh tissues and is not feasible for extremely
rare, extinct, or ancient samples, for which only
herbarium specimens may be available. The reliance on
fresh or cultivated material also limits the applicability
of transcriptome sequence for material growing in areas
that are difﬁcult to access and reduces the likelihood
of exhaustively sampling taxa from a diverse clade of
interest.
Plastid data have long met the criteria of
reproducibility and cost-effectiveness necessary for
phylogenetics in non-model plants. In addition, the
widespread use of speciﬁc plastid loci for plant
phylogenetics has facilitated data reuse in analyses
of expanded data sets and higher-order relationships
(e.g., Chase et al. 1993). A set of similarly consistent,
overlapping, cost-effective nuclear loci would enable
plant systematists to produce data appropriate for
group-speciﬁc investigations, while generating data
that would beneﬁt the plant systematics community
more broadly. By populating sequence databases with
the same set of putatively orthologous loci, taxon-rich
analyses that mine all publicly available sequences
(Hinchliff and Smith 2014; Eiserhardt et al. 2018; Smith
and Brown 2018) will be subject to lower levels of
missing data. The question remains, then, as to which
reduced-representation method best addresses the goal
of generating an accessible and combinable set of loci
for plant phylogenetics.
TARGET ENRICHMENT, CONSIDERATIONS, AND OBJECTIVES
Among genome-scale methods developed to date,
the sequencing of target-enriched genomic libraries
has emerged as a cost-effective method for obtaining
large data sets for phylogenetics from diverse sources,
particularly for methods that rely on reconstructing
gene trees (Faircloth et al. 2012; Lemmon et al. 2012;
Mandel et al. 2014;Weitemier et al. 2014). The sequencing
of target-enriched libraries is well-suited to collecting
sequence data from herbarium specimens, mitigating
the limitations associated with collecting fresh material.
Additionally, target enrichment can be combined
with genome skimming to obtain plastid sequences
either by the concurrent sequencing of the unenriched
library (e.g., Muñoz-Rodríguez et al. 2018) or by
reconstructing plastid genes in silico from the off-
target reads (Hyb-Seq; Weitemier et al. 2014). In target
enrichment methods, high-throughput sequencing
libraries are enriched for regions of interest, such as
ultra-conserved elements or protein-coding genes,
using 80–120-mer DNA or RNA probes (sometimes
called baits) that hybridize to library inserts. Like
the design of primer regions for Sanger sequencing,
the selection of loci and design of probe sequences
requires a careful balance: the challenge of selecting
genomic regions variable enough to infer phylogenies,
while remaining conserved enough to ensure sequence
recovery. As discussed above, the unique challenges of
identifying universal phylogenetically informative loci
for plants (Kadlec et al. 2017) have likely contributed
to the relatively small number of targeted sequencing
probe sets applicable across a broad phylogenetic
spectrum (e.g., all vascular plants or all ﬂowering
plants) compared with the availability of such tools
in animals (Faircloth et al. 2012; Lemmon et al. 2012;
Prum et al. 2015; Faircloth 2017). When probes have
been designed to target substantial diversity within
angiosperms, efforts have largely focused on generating
family-level data [e.g., Asteraceae (Mandel et al. 2014);
Fabaceae (Vatanparast et al. 2018); Rosaceae (Liston 2014:
https://ﬁgshare.com/articles/257_nuclear_genes_for_
Rosaceae_phylogenomics/1060394)].
A set of orthologous single-copy genes identiﬁed from
25 angiosperm genomes was recently used to develop
probes for target enrichment across angiosperms
(Léveillé-Bourret et al. 2018). Although there are
about 75 well-assembled and annotated angiosperm
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nuclear genomes publicly available (e.g., Phytozome
version 12.1, www.phytozome.org), the phylogenetic
distribution of genomic resources is uneven, and
groups that are not closely related to economically
important ﬂowering plants are poorly sampled. A
previous circumscription of 959 universal angiosperm
single-copy genes used Arabidopsis, Populus, Oryza,
and Vitis, which reﬂects the reliance on genomes
of well-characterized models that were available at
the time (Duarte et al. 2010). To maximize the
potential for successful hybridization toprobe sequences
from a set of phylogenetically diverse species, it
is critical to include as much phylogenetic breadth
as possible when designing probes. For example,
projects such as the Plant and Fungal Trees of Life
(www.paftol.org)—which aims to capture the diversity
of all angiosperm genera (13,164 genera; Christenhusz
and Byng 2016)—or the Genealogy of Flagellate
Plants (http://ﬂagellateplants.group.uﬂ.edu/)—which
aims to sequence all ﬂagellate plant species (ca.
30,000 species of bryophytes, lycophytes, ferns, and
gymnosperms; Villarreal et al. 2014; Forest et al. 2018)—
require a universal set of markers that represent an even
distribution of diversity. To maximize the likelihood of
successful hybridization in any angiosperm group, the
design of a universal probe set for angiosperms should
makeuse of themost phylogenetically diverse set of gene
sequences available.
In contrast to available genomic resources,
transcriptome sequences generated by the One
Thousand Plant Transcriptomes Initiative (OneKP
or 1KP) provide a more even phylogenetic distribution
(Matasci et al. 2014) and include sequences for over 830
ﬂowering plant taxa (onekp.com/public_data.html).
Transcriptome sequences have been successfully used to
develop probe sets for targeting nuclear protein-coding
genes in several plant groups (Chamala et al. 2015;
Landis et al. 2015, 2017; Gardner et al. 2016; Heyduk
et al. 2016; Crowl et al. 2017; García et al. 2017; Stubbs
et al. 2018; Villaverde et al. 2018). Although intron–
exon boundaries are not known when probes are
designed exclusively from transcriptomes in non-model
organisms, this does not prevent efﬁcient sequence
recovery (Heyduk et al. 2016). The design of probes
to capture coding sequences commonly results in the
capture of non-coding sequence ﬂanking the exons (i.e.,
the “splash-zone”; Weitemier et al. 2014; Fig. 1). This
protocol is useful for narrow-scale phylogenetic analysis
(Heyduk et al. 2016; Johnson et al. 2016; Villaverde et al.
2018) and represents an advantage over transcriptomes
due to the consistent and reproducible recovery of more
variable non-coding regions.
Designing probes for target enrichment of nuclear
protein-coding genes involves the identiﬁcation of three
pieces of information: (1) the locus itself or target gene,
ideally one that exists as a single copy in all species
belonging to the group under investigation; (2) the
minimum number of target instances such that the target
genes from any input sample are sufﬁciently related to
ensure hybridization, and (3) probe sequences designed
from all selected target instances, tiled across the length
of each instance (Fig. 1). For example, the target genes
and all target instances could be full length (whenever
possible) coding sequences (CDS) of genes inferred to
be orthologous across a group, whereas the probes are
RNA sequences of known length (usually ∼120-mers)
that hybridize to genomic DNA, usually sequencing
library inserts.Multiple probes are tiled across the target
instances to ensure that the entire target is recovered. If
a substantial phylogenetic breadth of input libraries is
to be used for hybridization, multiple target instances
must be present in the probe set to maximize the
chance that inserts will hybridize with at least one probe
from a speciﬁc region of the target, since the chance
of hybridization is proportional to sequence similarity
between the input library and probes. A “universal”
set of probes, therefore, would ﬁrst require identifying
a suitable number of sequences to “universally
represent” a target sequence for a large group
(Fig. 1).
Flowering plants are estimated to have arisen
sometime in the Early Cretaceous (Bell et al. 2010;
Herendeen et al. 2017; Barba-Montoya et al. 2018) and
comprise approximately 369,400 extant species (Kew
2016). Therefore, for any given target sequence, probes
designed from several instances of that target sequence
would be required for the successful hybridization of
inserts from taxa that are signiﬁcantly divergent from
any representative in the probe set. For example, if
a hypothetical gene ABCD1 is a target, probes may
need to be designed from a monocot ABCD1, a rosid
ABCD1, and an asterid ABCD1, at a minimum, to
ensure that any angiosperm ABCD1 sequence would
successfully hybridize with at least one set of probes
that span the entire length of ABCD1 (Fig. 1). Because
increasing the number of probes increases the cost
of a target enrichment kit, producing a cost-effective
kit to enrich phylogenetically informative exons from
any angiosperm requires minimizing the number of
instances of each target sequence while maximizing the
phylogenetic depth of hybridization.
Here,we report thedesignof a set of target enrichment
probes that efﬁciently capture hundreds of putatively
orthologous gene regions (targets) from any angiosperm
species. Our two main objectives were to: (1) develop
an approach to choose the minimum number of target
instances needed to successfully recover the targets from
any ﬂowering plant and (2) generate probes from those
target instances and use empirical data to demonstrate
that there is no phylogenetic bias in the probe set.
Here, we introduce a novel application of a k-medoids
clustering algorithm for selecting target instances. The
target instances chosen via this method allowed for a
probe design using fewer than 80,000 probes to capture
353 protein-coding genes. We carried out an initial test
of the probe sequences on 42 species representing 30
angiosperm orders that span angiosperm diversity. We
ﬁnd high rates of recovery for both the targeted coding
sequences and ﬂanking intron regions, suggesting that
the probe set will be a cost-efﬁcient and universally
accessible tool for ﬂowering plant phylogenetics at both
deep and shallow scales.
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X
Y
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Q
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FIGURE 1. Overview of probe design and phylogenetic considerations. Given a hypothetical gene ABCD1, the goal of probe design is to
include a sufﬁcient diversity of 120-mers (probes) such that any angiosperm ABCD1 sequence can be recovered by hybridization. If a number
of ABCD1 sequences are known, represented by solid branches and tips with a small gray square in the phylogeny, the minimum number of
representatives of those sequences should be selected that maximize the chances of recovering ABCD1 from any “unknown” sample (dotted
lines in the phylogeny). If sequences X, Y, and Z are selected, 120-mer probes are designed, here with 2× tiling, across the entire length of the
sequence. The ﬁnal probe set includes all unique 120-mers; asterisks represent cases in which individual 120-mers are identical from two (*) or
all three (**) of the representative sequences X, Y, and Z. In these cases only one or two 120-mers, rather than three, would be necessary for that
region of the gene in the ﬁnal probe set. While this is possible in probe design, we did not encounter any such cases in the Angiosperms353 probe
set. For a particular “unknown” sample, here represented by the dark gray dotted line and denoted as sample Q, a sequencing library consisting
of size-selected inserts, adapters, and indexes, is hybridized to the ﬁnal probe set and the resulting sequence reads can be reconstructed to extract
both the coding region and ﬂanking non-coding (“splash zone”) regions. In this simpliﬁed example, the ﬁnal probe set represents only gene
ABCD1 but the Angiosperms353 ﬁnal probe set includes probes tiled across 353 genes.
PROBE DESIGN
Target Identiﬁcation
We started with an initial set of 410 protein-
coding loci developed for phylogenetic analysis by the
OneKP initiative (https://github.com/smirarab/1kp/
tree/master/alignments). In brief, these loci were
circumscribed by the OneKP initiative as follows: 31
green plant (Viridiplantae) genomes were clustered into
homologous gene families using OrthoFinder (Emms
andKelly 2015). For each family, aHiddenMarkovModel
was generated from a multiple sequence alignment,
and transcriptome sequences from over 1400 green
plant species were added to the gene families using
hmmsearch implemented in HMMER (hmmer.org).
The 410 alignments identiﬁed as low-copy contained
orthologous transcripts from over 1100 green plants and
predicted coding sequences from 31 plant genomes. We
removed all non-angiosperm sequences from theOneKP
alignments and trimmed all gap-only sites from the
alignments. The 410 nucleotide alignments contained
between 12 and 655 angiosperm sequences and varied
in length from 105 bp to 3498 bp.
Selection of Target Instances
To minimize the number of probe sequences needed
to reliably recover sequences from all angiosperms,
we reduced the OneKP alignments by selecting the
minimum possible number of target instances. Our
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FIGURE 2. Comparison between the k-medoids method of selecting representative sequences with using the closest available angiosperm
genome. a) Each point is one gene, and its position indicates the percentage of angiosperm transcripts (fromOneKP) that fallwithin 30% sequence
divergence of a representative sequence. Only genes where the k-medoids could represent 95% or more angiosperms were selected for probe
design. Note the x-axis and y-axis ranges are not identical. Dotted dash line indicates gene 5348, which is highlighted in the other panels. b)
Distribution of distances between each angiosperm sequence in 1KP and the nearest k-medoid for gene 5348. c) Distribution of distances between
each angiosperm sequence in 1KP and the nearest published genome sequence for gene 5348.
goal was to select instances such that 95% of all
angiosperm sequences in the alignment were no
more than 30% diverged from any target instance, a
threshold that has been demonstrated as the practical
limit of target enrichment in other plant groups
(https://github.com/mossmatters/MJPythonNotebooks/
blob/master/MossTargetCaptureEfﬁency.ipynb). First,
we calculated a dissimilarity matrix (p-distance) using
all pairwise non-gap characters in the angiosperm-
only sequence alignments. We employed a k-medoids
clustering algorithm (Bauckhage 2015) to partition the
sequences into groups, centered around a set number
of sequences (the medoids). The k-medoid method
attempts tominimize thewithin-groupdistancebetween
the medoid and other sequences in the group. We chose
this method over the related k-means clustering method
because the k-medoid approach would identify a single
real sequence at the center of each cluster, rather than
a hypothetical sequence at the centroid of a cluster
generated by k-means. We explored how varying the
number of medoids (k) affected the percentage of
angiosperm sequences that could be representative of
the whole alignment (at a maximum 30% sequence
divergence). For each gene, we tested values of k
between 5 and 15, repeating each analysis up to 100
times. To evaluate the k-medoids method, we calculated
the sequence divergence between all angiosperm
transcript sequences and the selected medoid sequences
and compared this to the sequence divergence from
manually selected target instances chosen from publicly
available genome sequences (Fig. 2). The scripts
used to select k-medoid alignments are available at
http://github.com/mossmatters/Angiosperms353.
Final Probe Set
Using the k-medoids method, we identiﬁed 353
genes (targets) for which 95% of angiosperm sequences
could be represented by 15 or fewer target instances
(Fig. 2). A sequence was represented if it was
within 30% sequence divergence of one of the target
instances. For each gene, if they were not already
in the set of representative sequences chosen by the
k-medoid method, we added target instances from
the genome sequences of Arabidopsis thaliana, Oryza
sativa, and Amborella trichopoda. Sequences from these
three genomes were added to ensure a well-annotated
gene model was present for each gene spanning
deep divergences in the angiosperm phylogeny. A
summary of annotations for these genes is provided
with Supplementary File 1 available on Dryad at
http://dx.doi.org/10.5061/dryad.s3h9r6j. Genes with
organelle-related function are over-represented in the
target set, consistent with the 959 single-copy genes
reported from Arabidopsis, Populus, Oryza, and Vitis
(Duarte et al. 2010). Of the 353 target genes reported
here, 143 are present in the Duarte et al. (2010)
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single-copy gene set. Probe sequences were designed
from multiple sequence alignments of all selected target
instances for each gene. Across all 353 targets, there
were 4781 sequences (target instances) used for probe
design (all alignments and Supplementary material
available on Dryad). Probe sequences were padded
to a minimum length of 120 bases, and any regions
with 1–10 Ns were replaced with Ts (to facilitate
probe design across short stretches of ambiguity).
Synthesis of 120-mer RNA probes with 3× tiling on
each orthologous sequence was carried out by Arbor
Biosciences (formerly MYcroarray, Ann Arbor, MI, USA,
Catalog #3081XX). Each probe sequence was compared
with seven angiosperm reference genomes (Amborella
trichopoda, Aquilegia coerulea, Brachypodium distachyon,
Populus trichocarpa, Prunus persica, Solanum tuberosum,
and Vitis vinifera) to check for speciﬁcity; any probe
sequence with multiple hits in more than one genome
was removed from the probe set. The ﬁnal probe
set contains 75,151 120-mer probes. Probe sequences
are publicly available under a CC-BY-SA license at
github.com/mossmatters/Angiosperms353.
The goal of our probe design was to maximize
the usability of the probes across all angiosperms by
ensuring that 95% of known angiosperm sequences
had less than 30% sequence divergence from any
target instance for each gene. We also wanted to
minimize the number of target instances needed
for each gene to reduce the cost for users of the
probes. To validate whether the k-medoids method
was an improvement over selecting target instances
using existing angiosperm genome sequences only, we
calculated the pairwise sequence divergence between
each OneKP transcript and its nearest ortholog from
an angiosperm genome. For each gene, we compared
the percentage of angiosperm sequences within 30%
divergence of a k-medoid to the percentage within 30%
divergence of an angiosperm genome sequence. Using
reference genome sequences alone was insufﬁcient and
frequently resulted in a large number of angiosperm
sequences falling beyond the 30% sequence divergence
threshold (Fig. 2). Using the k-medoids method, we
were able to successfully identify a different number
of target instances for each gene, based on individual
sequence divergence proﬁles across angiosperms. The
number of required medoid sequences ranged from six
(in 64 genes) to 15 (in 125 genes) with an average of
11.1 medoid sequences (median 13 sequences). Of the
410 original angiosperm alignments, medoids ﬁtting our
criteria could not be identiﬁed for 57 genes, leaving 353
loci in the ﬁnal probe design. Using the mean length of
target instances fromeachgene, the total lengthof coding
sequence targeted was 260,802 bp.
TESTING THE PROBE SET
Sampling Strategy and Data Generation
To evaluate the efﬁciency of target capture across
angiosperms, we tested the probes using 42 “input” taxa
that were not included in the OneKP transcriptome data
(Table 1), increasing the likelihood that no insert from an
input taxon would be identical to any probe sequence.
However, Amborella trichopoda was also included as an
input taxon as a control of recovery efﬁciency by using a
species thatwas included in probe design. Our sampling
scheme was designed to test whether target recovery
is determined by relatedness to the species used to
design the probes (i.e., to ensure that the probes are not
phylogenetically biased). We used taxonomic rank from
APG IV (The Angiosperm Phylogeny Group 2016) as a
proxy for phylogenetic distance. For each input species,
its relationships to the OneKP taxa (pool of potential
probe sequences) fell into four categories,whichwe refer
to throughout as Input Categories:
(1) The input taxon belongs to an order that was not
included in OneKP (7 taxa).
(2) The input taxon belongs to an order that was
included in OneKP, but not to a family, genus, or
species that was included in OneKP (12 taxa).
(3) The input taxon belongs to an order and family
that were included in OneKP, but not to a genus or
species that was included in OneKP (12 taxa).
(4) The input taxon belongs to an order, family, and
genus included in OneKP, but not to a species that
was included in OneKP (11 taxa).
The input taxa span 41 of the 64 angiosperm
orders recognized in APG IV. If the probe set were
phylogenetically biased, we would expect to see any
metrics of hybridization efﬁciency improve from
Input Category 1 to Input Category 4. Conversely,
if hybridization success were more dependent
on stochastic effects, we would expect to see no
relationship between Input Category and hybridization
efﬁciency.
DNA extractions were tailored to tissue provenance:
the Qiagen DNeasy Plant Mini Kit was used for
silica-dried materials following the manufacturer’s
protocol (Qiagen, Valencia, CA, USA), while a modiﬁed
CTAB protocol (Doyle and Doyle 1987) was the choice
for material sampled from herbarium specimens.
We also relied on existing DNA extractions from
the DNA bank of the Royal Botanic Gardens, Kew
(http://dnabank.science.kew.org), obtained using a
standard CTAB-chloroform, ethanol precipitation,
and washing stages, followed by density gradient
cleaning and dialysis. All extractions were run on a
1.5× agarose gel to visually assess average fragment
size and quantiﬁed using a Qubit®3.0 Fluorometer
(Life Technologies, Carlsbad, CA, USA). Samples
demonstrated (by gel) to have fragment sizes above the
desired350bp (typically thoseobtained fromsilica-dried
tissue and most DNA bank aliquots) were sonicated
using a Covaris M220 Focused-ultrasonicator™
with Covaris microTUBES AFA Fiber Pre-Slit Snap-
Cap (Covaris, Woburn, MA, USA) following the
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manufacturer’s program for approximately 350-bp
insert sizes. Dual-indexed libraries for Illumina®
sequencing were prepared using the DNA NEBNext®
Ultra™ II Library Prep Kit at half the recommended
volume, with Dual Index Primers Set 1, NEBNext®
Multiplex Oligos for Illumina® (New England BioLabs,
Ipswich, MA, USA). All resulting libraries were
checked for quality with an Agilent Technologies 4200
TapeStation System using the High Sensitivity D1000
ScreenTape (Agilent Technologies, Santa Clara, CA,
USA) and quantiﬁed with the Qubit® 3.0 Fluorometer.
Equimolar 1 g pools were enriched using our custom-
designed probe kit (Arbor Biosciences myBaits® Target
Capture Kit, “Angiosperms 353 v1”, Catalog #3081XX)
following the manufacturer’s protocol (ver. 3, available
at http://www.arborbiosci.com/mybaits-manual).
Multiple libraries (ranging from 2 to 16; species
with larger genomes were hybridized in smaller
pools) were pooled in a single hybridization reaction.
Hybridizations were carried out at 65◦C for 28–32 h in
a Hybex™ Microsample Incubator with red Chill-out™
Liquid Wax (Bio-Rad, Hercules, CA, USA) to prevent
evaporation. Enriched products were ampliﬁed with
KAPA HiFi 2X HotStart ReadyMix PCR Kit (Roche,
Basel, Switzerland) for 10 cycles. PCR products were
cleaned using the QIAquick PCR puriﬁcation kit
(Qiagen). Final products were quantiﬁed with a Qubit™
3.0 Fluorometer and run on an Agilent Technologies
4200 TapeStation System to assess quality and average
fragment size. Multiple enriched library pools were
multiplexed and sequenced on an Illumina MiSeq with
v2 (300-cycles) and v3 (600-cycles) chemistry (Illumina,
San Diego, CA, USA) at the Royal Botanic Gardens,
Kew.
Sequencing reads were trimmed using Trimmomatic
(Bolger et al. 2014) to remove reads with a quality score
below 20 and reads that had any 4-bp window
below 20, retaining reads with at least 50 bp
(LEADING: 20 TRAILING: 20 SLIDING WINDOW:4:20
MINLEN:50). Only read pairs where both reads
passed these ﬁlters were retained. Recovered target
sequences were assembled using HybPiper version
1.3 (Johnson et al. 2016) using a target ﬁle available
at http://github.com/mossmatters/Angiosperms353.
Reads were mapped to de-gapped medoid sequences
using BWA (Li and Durbin 2009), each gene was
assembled de novo using SPAdes (Bankevich et al.
2012), and coding sequences were extracted using
Exonerate (Slater and Birney 2005). Non-coding
sequences (i.e., introns and UTRs) ﬂanking the coding
sequences were recovered using the script intronerate.py
available with HybPiper. Statistical analysis of sequence
recovery was conducted in R (Version 3.4.2, R Core
Development Team, 2017). Sequence reads have
been deposited in the NCBI Sequence Read Archive
(SRP151601); recovered gene sequences, alignments,
and distance matrices are available from the available
on Dryad. Code for statistical analysis is available at
http://github.com/mossmatters/Angiosperms353.
Target Enrichment Results
We assessed the effectiveness of the probe set using
two main statistics: (1) target enrichment, measured as
the percentage of reads successfully mapping to a target
instance and (2) gene recovery rate, measured as the
percentage of targeted genes recovered by HybPiper.
Target enrichment ranged from 5% (Fritillaria davidii)
to 68% (Dodonaea viscosa), with an average of 27.5%
(median 24.8%). However, poor enrichment efﬁciency
did not always predict poor gene recovery rate. Coding
sequenceswere recovered frombetween 120 and 344 loci
(average 283); more than 300 genes were recovered from
21 of our 42 samples (Fig. 3). The median number of
genes forwhich the length of coding sequence recovered
was at least 50% of the target length (the average length
of target instances for each gene) was 118 (range 10–
327, Table 1). There was no relationship between Input
Category (taxonomic relatedness to samples in 1KP) and
the number of sequenced reads (F=0.70, df = 3, P>0.5),
the number of mapped reads (F=0.93, df = 3, P>0.4),
thepercentageof readson target (F=1.4,df=3,P>0.25),
or the number of genes with recovered sequences (F=
0.22, df =3, P>0.8). The lack of relationship between
enrichment success and Input Category suggests
that there is no systemic phylogenetic bias in the
probe set.
Our 42 taxa span a variety of genome sizes, ranging
from a C-value of 0.17 (Vahlia capensis) to 34.0 (Fritillaria
davidii) (http://data.kew.org/cvalues/). Although
Fritillaria was one of the taxa with the poorest
enrichment efﬁciency (0.05), we saw no overall
trend between C-value and enrichment efﬁciency
(F=2.5, df =1, P>0.1, Supplementary Fig. S1 available
on Dryad). Other taxa with large C-values had
greater enrichment efﬁciency, including Blandfordia
(C-value: 8.13, enrichment efﬁciency 0.197), Gunnera
(C-value: 7.44, enrichment efﬁciency 0.088), and
Metteniusa (C-value: 7.24, enrichment efﬁciency 0.523)
(http://data.kew.org/cvalues). This suggests that
genome size did not have a large impact on sequence
recovery.
There was no signiﬁcant linear (F=0.91, df =40,
P>0.3) or log-transformed (F=0.14, df =40, P>0.7)
relationship between the number of genes recovered
and the number of sequenced reads. However, there
was a signiﬁcant relationship between the number
of genes recovered and the log-transformed number
of mapped reads (F=10.1, df =40, P<0.005). With
fewer than 200,000 mapped reads on target, there was
roughly a linear relationship between mapped reads
and genes recovered, reaching a plateau of roughly
300 genes recovered (Fig. 4). Therefore, it appears that
stochasticity related to the enrichment and sequencing
process (e.g., library complexity, pooling strategy), not
Input Category, is the most critical factor in determining
successful target enrichment (Table 1). This result
indicates that an input sample with low enrichment
efﬁciency could be “rescued” by increased sequencing
effort or by increasing the complexity of the genomic
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FIGURE 3. Heatmap of gene recovery efﬁciency. Each row is one sample, and each column is one gene. Shading indicates the percentage of
the target length (calculated by the mean length of all k-medoid transcripts for each gene) recovered. Numbers indicate the Input Category (see
main text).
library (e.g., by increasing DNA input into library
preparation). In speciﬁc cases, phylogenetically isolated
taxa on relatively long branches, such as Ceratophyllum
and Gunnera, may be too distant from some probe
sequences, resulting in poor capture efﬁciency. In
such situations, it is possible that efﬁciency may be
enhanced by adding more homologous probes. Given
thatGunneradoes not showpoor enrichment,we suspect
that this pattern is not universal, and would require
a case by case assessment. Critically, if the probes
exhibited phylogenetic bias, increasing the number of
mapped reads, or increasing library complexity would
not overcome the absence of sufﬁciently homologous
probes. Because this is not the case in our results
(Fig. 4), we conclude that the overall trend reﬂects
no phylogenetic bias in capture efﬁciency for the
Angiosperms353 probe set.
Suitability for Lower-Order Analysis
Although our sampling focused on the applicability of
the probes across the breadth of angiosperm diversity,
we also considered whether the same target genes
could be used at shallower phylogenetic scales. Within-
genus data are already available from OneKP for the
Angiosperms353 target genes from Oenothera (Myrtales,
Onagraceae, 19 taxa), Linum (Malpighiales, Linaceae, 9
taxa), Portulaca (Caryophyllales, Portulacaceae, 11 taxa),
and Neurachne (Poales, Poaceae, 6 taxa). For each genus,
we reduced the OneKP alignments to retain only the
sequences from that genus and calculated the number of
FIGURE 4. Relationship between reads mapping to the target genes
and the number of loci recovered for 42 angiosperm species. There
is a general linear increase in the number of genes recovered below
100,000 mapped reads, above which there are diminishing returns for
additional sequencing.
variable characters. In eachgenus, several dozenvariable
characters could be found for a large number of genes,
with total numbers of variable characters ranging from
30,479 to 109,068 within genera (Table 2, Supplementary
Table S1 available on Dryad). Overall, the percentage
of protein-coding sites that were variable ranged from
7.8% in Neurachne to 27.2% in Linum, while Oenothera
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TABLE 2. Summary of variable sites in multiple sequence
alignments of transcripts sequenced in OneKP for four angiosperm
genera at 353 loci
Family Genus Taxa Total sites Variable sites
Onagraceae Oenothera 19 386,152 38,618
Portulacaceae Portulaca 9 386,427 52,217
Poaceae Neurachne 6 392,432 30,479
Linaceae Linum 11 400,001 109,068
and Portulaca were intermediate at 10.0% and 13.5%,
respectively (Table 2).
Sequence capture of coding regions from genomic
DNAwill also recovernon-coding regions (often introns)
ﬂanking the exons. This “splash zone” is less constrained
by purifying selection and is likely to be useful for
shallow-scale phylogenetics and population genetics
(Weitemier et al. 2014; Johnson et al. 2016; Villaverde
et al. 2018). Although our sampling scheme to test
phylogenetic bias in the probes did not allow for direct
observation of phylogenetic information within genera,
we did recover a large fraction of non-coding ﬂanking
sequence (Fig. 5). The median amount of non-coding
sequence recovered with at least 8× depth of coverage
was 216,816 bp, and ﬂuctuated from 32,233 in Upuna
(Category 2) to 664,222 bp in Amborella (Category 4).
Input Category had no signiﬁcant effect on the length
of non-coding regions recovered (df =38, F=0.16, P>
0.9). The combination of variable sites within coding
regions among congeners and the signiﬁcant recovery
of ﬂanking non-coding regions suggests that this probe
set will be valuable for reconstructing both relationships
at both shallow and deep phylogenetic scales. Similarly,
these data may be used to reconstruct the evolutionary
history of rapid radiations. The availability of hundreds
ofnucleargenesmaynotnecessarily resolveabifurcating
species tree with certainty, but these data will allow
for a more careful dissection of the contributions of
processes such as deep coalescence and hybridization to
our understanding of the history of speciation in these
groups.
AVAILABILITY AND ONGOING DEVELOPMENT
Probe sequences for the “Angiosperms 353 v1”
(Arbor Biosciences Catalog #3081XX) angiosperm-
wide targeted sequencing kit are publicly available at
github.com/mossmatters/Angiosperms353. We expect
that updates to the kit will be made to improve target
enrichment efﬁciency across angiosperms as we receive
feedback from users, and these changes will be tracked
as newversions on github. For example, some additional
consideration may be made for groups of angiosperms
with high phylogenetic distance to other groups (e.g.,
taxa such asCeratophyllum andGunnera, though our data
do not necessarily suggest that phylogenetic distance
affected efﬁciency in these speciﬁc cases), which may
necessitate additional orthologous probe sequences.
The sequences of target instances used are also freely
available at the same site andwill be similarly updated to
FIGURE 5. Total length of sequence recovery for both coding
and non-coding regions across 353 loci for 42 angiosperm species.
Readsweremapped back to either coding sequence (left bar) or coding
sequence plus ﬂanking non-coding (i.e., intron) sequence (right bar).
Only positions with at least 8× depth were counted. The total length
of coding sequence targeted was 260,802 bp. The median recovery of
coding sequencewas 137,046 bp and themedian amount of non-coding
sequence recoveredwas 216,816 bp (with at least 8×depth of coverage).
help improve sequence recovery. For example, as the use
of the kit increases the availability of sequences in poorly
represented groups, these sequences could be added to
the target sequence ﬁle used to reconstruct sequences in
software such as HybPiper.
CONCLUSIONS
The creation of a universal set of target enrichment
probes for angiosperms requires a phylogenetically
diverse set of existing genomic or transcriptomic
resources and a method that can identify the
minimum set of representatives from which probes
can be designed. Here, we have shown that the
k-medoids method with a diverse set of existing
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transcriptome sequences can identify a suitable number
of representatives for target enrichment across a wide
phylogenetic breadth. By designing probes based on
these representatives and testing them empirically,
we have demonstrated the potential of our probe
set to be a universal DNA sequencing resource
across all angiosperms. Although sequence recovery
efﬁciency varied among samples, these differences are
not driven by relatedness between the input taxon
and any probe sequence, indicating that there is no
systemic phylogenetic bias to sequence recovery across
angiosperms using these probes. Instead, the recovery
of gene sequences was impacted more by the number
of reads mapped per library, suggesting that critical
samples with low gene recovery could be improved
by further sequencing, or by a more careful evaluation
of library complexity. Our data indicate that these
probes will be useful for phylogenetic analysis at
both deep and shallow scales, particularly given the
recovery of ﬂanking non-coding regions. Additional
applications of the universal probe set, particularly the
reconstruction of ﬂanking non-coding regions, could
extend to inferring population level genetic structure
or to the next generation of DNA barcoding that may
extend beyond plastid markers or ITS (Hollingsworth
et al. 2016), although both of these novel applications
have not been extensively tested and require further
exploration. Given that hybridization-based methods
of library enrichment using the probes described here
should be successful for most, if not all, angiosperms,
there is signiﬁcant potential for the generation of large,
combinable data sets for future analyses.
SUPPLEMENTARY MATERIAL
Data available from the Dryad Digital Repository:
http://dx.doi.org/10.5061/dryad.s3h9r6j.
FUNDING
Thisworkwas supported by the Texas TechUniversity
College of Arts and Sciences [to M.G.J.], the National
Science Foundation [DEB-1239992, DEB-1342873 to
N.J.W.], and by the Calleva Foundation, the Garﬁeld
Weston Foundation, and the Sackler Trust to the Royal
Botanic Gardens, Kew.
ACKNOWLEDGMENTS
We thank BC, WAG, and Arboretum Wespeelaar for
providing tissue for DNA extraction. We also thank two
anonymous reviewers for providing comments on this
manuscript.
REFERENCES
Alvarez I., Wendel J.F. 2003. Ribosomal ITS sequences and plant
phylogenetic inference. Mol. Phylogenet. Evol. 29:417–434.
Amborella Genome Project, Ma H., Palmer J.D., Sankoff D., Soltis P.S.,
WingR.A., Ammiraju J.S.S., Chamala S., RalphP., Rounsley S., Soltis
D.E., Talag J., Tomsho L., Wanke S., Chanderbali A.S., Chang T.H.,
Lan T., Arikit S., Axtell M.J., Ayyampalayam S., Barbazuk W.B.,
Burnette J.M., dePamphilis C.W., Estill J.C., Farrell N.P., Harkess A.,
Jiao Y., Meyers B.C., Walts B., Wessler S.R., Zhang X., Albert V.A.,
Carretero-Paulet L., Lyons E., Tang H., Zheng C., Leebens-Mack J.,
Liu K., Mei W., Wafula E., Altman N.S., Chen F., Chen J.Q., Chiang
V., De Paoli E., Determann R., Fogliani B., Guo C., Harholt J., Job C.,
Job D., Kim S., Kong H., Li G., Li L., Liu J., Park J., Qi X., Rajjou L.,
Burtet-Sarramegna V., Sederoff R., Shahid S., Sun Y.H., Ulvskov P.,
Villegente M., Xue J.Y., Yeh T.F., Yu X., Zhai J., Acosta J.J., Bruenn
R.A., de Kochko A., Der J.P., Herrera-Estrella L.R., Ibarra-Laclette
E., Kirst M., Pissis S.P., Poncet V., Schuster S.C. 2013. The Amborella
genome and the evolution of ﬂowering plants. Science. 342:1241089.
AndrewsK.R.,Good J.M.,MillerM.R., LuikartG.,HohenloheP.A. 2016.
Harnessing the power of RADseq for ecological and evolutionary
genomics. Nat. Rev. Genet. 17:81–92.
Bankevich A., Nurk S., Antipov D., Gurevich A.A., Dvorkin M.,
Kulikov A.S., Lesin V.M., Nikolenko S.I., Pham S., Prjibelski A.D.,
Pyshkin A.V., Sirotkin A.V., Vyahhi N., Tesler G., Alekseyev M.A.,
Pevzner P.A. 2012. SPAdes: a new genome assembly algorithm
and its applications to single-cell sequencing. J. Comput. Biol.
19:455–477.
Barba-Montoya J., Dos Reis M., Schneider H., Donoghue P.C.J., Yang
Z. 2018. Constraining uncertainty in the timescale of angiosperm
evolution and the veracity of a Cretaceous Terrestrial Revolution.
New Phytol. 218:819–834.
Barker M.S., Vogel H., Schranz M.E. 2009. Paleopolyploidy in the
Brassicales: analyses of the Cleome transcriptome elucidate the
history of genome duplications in Arabidopsis and other Brassicales.
Genome Biol. Evol. 1:391–399.
Bauckhage C. 2015. Numpy/scipy recipes for data science: k-medoids
clustering. doi: 10.13140/RG.2.1.4602.0564.
Bell C.D., Soltis D.E., Soltis P.S. 2010. The age and diversiﬁcation of the
angiosperms re-revisited. Am. J. Bot. 97:1296–1303.
Bernhardt N., Brassac J., Kilian B., Blattner F.R. 2017. Dated tribe-
wide whole chloroplast genome phylogeny indicates recurrent
hybridizations within Triticeae. BMC Evol. Biol. 17:141.
BlancG.,WolfeK.H. 2004.Widespreadpaleopolyploidy inmodel plant
species inferred from age distributions of duplicate genes. Plant
Cell. 16:1667–1678.
BolgerA.M., LohseM.,UsadelB. 2014. Trimmomatic: aﬂexible trimmer
for Illumina sequence data. Bioinformatics. 30:2114–2120.
Carbonell-Caballero J., Alonso R., Ibañez V., Terol J., Talon M., Dopazo
J. 2015.Aphylogenetic analysis of 34 chloroplast genomes elucidates
the relationships between wild and domestic species within the
genus Citrus. Mol. Biol. Evol. 32:2015–2035.
Chamala S., García N., Godden G.T., Krishnakumar V., Jordon-
Thaden I.E., De Smet R., Barbazuk W.B., Soltis D.E., Soltis P.S.
2015. MarkerMiner 1.0: a new application for phylogenetic marker
development using angiosperm transcriptomes. Appl. Plant Sci.
3:1400115.
Chase M.W., Soltis D.E., Olmstead R.G., Morgan D., Les D.H., Mishler
B.D., Duvall M.R., Price R.A., Hills H.G., Qiu Y.-L., Kron K.A.,
Rettig J.H., Conti E., Palmer J.D.,Manhart J.R., SytsmaK.J.,Michaels
H.J., Kress W.J., Karol K.G., Clark W.D., Hedren M., Gaut B.S.,
Jansen R.K., Kim K.-J., Wimpee C.F., Smith J.F., Furnier G.R.,
Strauss S.H., Xiang Q.-Y., Plunkett G.M., Soltis P.S., Swensen S.M.,
Williams S.E., Gadek P.A., Quinn C.J., Eguiarte L.E., Golenberg
E., Learn G.H., Graham S.W., Spencer C. H. Barrett, Dayanandan
S., Albert V.A. 1993. Phylogenetics of seed plants: an analysis of
nucleotide sequences fromtheplastidgene rbcl.Ann.Mo.Bot.Gard.
80:528–580.
Christenhusz M.J.M., Byng J.W. 2016. The number of known plant
species in the world and its annual increase. Phytotaxa. 261:201–217.
Crowl A.A., Myers C., Cellinese N. 2017. Embracing discordance:
phylogenomic analysesprovide evidence for allopolyploidy leading
to cryptic diversity in aMediterranean Campanula (Campanulaceae)
clade. Evolution. 71:913–922.
Doyle J.J., Doyle J.L. 1987. A rapid DNA isolation procedure for small
quantities of fresh leaf tissue. Phytochem. Bull. 19:11–15.
Duarte J.M., Wall P.K., Edger P.P., Landherr L.L., Ma H., Pires J.C.,
Leebens-Mack J., dePamphilis C.W. 2010. Identiﬁcation of shared
single copy nuclear genes in Arabidopsis, Populus, Vitis and Oryza
Copyedited by: YS MANUSCRIPT CATEGORY: Systematic Biology
[17:26 6/6/2019 Sysbio-OP-SYSB180084.tex] Page: 605 594–606
2019 JOHNSON ET AL.—A UNIVERSAL FLOWERING PLANT PROBE SET 605
and their phylogenetic utility across various taxonomic levels. BMC
Evol. Biol. 10:61.
Eaton D., Spriggs E.L., Park B. 2016. Misconceptions on missing data in
RAD-seq phylogenetics with a deep-scale example from ﬂowering
plants. Syst. Biol. 66:399–412.
Eiserhardt W.L., Antonelli A., Bennett D.J., Botigué L.R., Burleigh
J.G., Dodsworth S., Enquist B.J., Forest F., Kim J.T., Kozlov A.M.,
Leitch I.J., Maitner B.S., Mirarab S., Piel W.H., Pérez-Escobar O.A.,
Pokorny L., Rahbek C., Sandel B., Smith S.A., Stamatakis A., Vos
R.A., Warnow T., Baker W.J. 2018. A roadmap for global synthesis
of the plant tree of life. Am. J. Bot. 105:614–622.
Emms D.M., Kelly S. 2015. OrthoFinder: solving fundamental biases
in whole genome comparisons dramatically improves orthogroup
inference accuracy. Genome Biol. 16:157.
Faircloth B.C. 2017. Identifying conserved genomic elements and
designing universal bait sets to enrich them. Methods Ecol. Evol.
8:1103–1112.
Faircloth B.C., McCormack J.E., Crawford N.G., Harvey M.G.,
Brumﬁeld R.T., Glenn T.C. 2012. Ultraconserved elements anchor
thousands of genetic markers spanning multiple evolutionary
timescales. Syst. Biol. 61:717–726.
Forest F., Moat J., Baloch E., Brummitt N.A., Bachman S.P., Ickert-Bond
S., Hollingsworth P.M., Liston A., Little D.P., Mathews S., Rai H.,
Rydin C., StevensonD.W., Thomas P., Buerki S. 2018. Gymnosperms
on the EDGE. Sci. Rep. 8:6053.
García N., Folk R.A., Meerow A.W., Chamala S., Gitzendanner M.A.,
Oliveira R.S. de, Soltis D.E., Soltis P.S. 2017. Deep reticulation
and incomplete lineage sorting obscure the diploid phylogeny
of rain-lilies and allies (Amaryllidaceae tribe Hippeastreae). Mol.
Phylogenet. Evol. 111:231–247.
Gardner E.M., Johnson M.G., Ragone D., Wickett N.J., Zerega
N.J.C. 2016. Low-coverage, whole-genome sequencing of Artocarpus
camansi (Moraceae) for phylogenetic marker development and gene
discovery. Appl. Plant Sci. 4:1600017–1600015.
Gitzendanner M.A., Soltis P.S., Wong G.K.-S., Ruhfel B.R., Soltis D.E.
2018. Plastid phylogenomic analysis of green plants: a billion years
of evolutionary history. Am. J. Bot. 105:291–301.
Herendeen P.S., Friis E.M., Pedersen K.R., Crane P.R. 2017.
Palaeobotanical redux: revisiting the age of the angiosperms. Nat.
Plants. 3:17015.
Heyduk K., Trapnell D.W., Barrett C.F., Leebens-Mack J. 2016.
Phylogenomic analyses of species relationships in the genus Sabal
(Arecaceae) using targeted sequence capture. Biol. J. Linn. Soc.
117:106–120.
Hinchliff C.E., Smith S.A. 2014. Some limitations of public sequence
data for phylogenetic inference (in plants). PLoS One. 9:e98986.
Hollingsworth P.M., Li D.-Z., van der Bank M., Twyford A.D. 2016.
Telling plant species apart with DNA: from barcodes to genomes.
Philos. Trans. R Soc. Lond. B Biol. Sci. 371:20150338.
Hudson R.R. 1992. Gene trees, species trees and the segregation of
ancestral alleles. Genetics. 131:509–513.
Jiao Y., Wickett N.J., Ayyampalayam S., Chanderbali A.S., Landherr
L., Ralph P.E., Tomsho L.P., Hu Y., Liang H., Soltis P.S., Soltis D.E.,
Clifton S.W., Schlarbaum S.E., Schuster S.C., Ma H., Leebens-Mack
J., dePamphilis C.W. 2011. Ancestral polyploidy in seed plants and
angiosperms. Nature. 473:97–100.
Johnson M.G., Gardner E.M., Liu Y., Medina R., Gofﬁnet B., Shaw
A.J., Zerega N.J.C., Wickett N.J. 2016. HybPiper: extracting coding
sequence and introns for phylogenetics from high-throughput
sequencing reads using target enrichment. Appl. Plant Sci.
4:1600016–1600018.
Kadlec M., Bellstedt D.U., Le Maitre N.C., Pirie M.D. 2017. Targeted
NGS for species level phylogenomics: “made to measure” or “one
size ﬁts all”? PeerJ. 5:e3569.
Kew. 2016. State of the world’s plants. Available from
https://stateoftheworldsplants.com/2016/.
Landis J.B., O’Toole R.D., Ventura K.L., Gitzendanner M.A.,
Oppenheimer D.G., Soltis D.E., Soltis P.S. 2015. The phenotypic and
genetic underpinnings of ﬂower size in Polemoniaceae. Front. Plant
Sci. 6:1144.
Landis J.B., Soltis D.E., Soltis P.S. 2017. Comparative transcriptomic
analysis of the evolution anddevelopment of ﬂower size in Saltugilia
(Polemoniaceae). BMC Genomics. 18:475.
Lemmon A.R., Emme S.A., Lemmon E.M. 2012. Anchored hybrid
enrichment for massively high-throughput phylogenomics. Syst.
Biol. 61:727–744.
Léveillé-Bourret É., Starr J.R., Ford B.A., Moriarty Lemmon
E., Lemmon A.R. 2018. Resolving rapid radiations within
angiosperm families using anchored phylogenomics. Syst. Biol.
67:94–112.
Li H., Durbin R. 2009. Fast and accurate short read alignment with
Burrows-Wheeler transform. Bioinformatics. 25:1754–1760.
Maddison W. 1997. Gene trees in species trees. Syst. Biol. 46:523–536.
Mandel J.R., Dikow R.B., Funk V.A., Masalia R.R., Staton S.E., Kozik
A., Michelmore R.W., Rieseberg L.H., Burke J.M. 2014. A target
enrichment method for gathering phylogenetic information from
hundreds of loci: an example from the Compositae. Appl. Plant Sci.
2:1300085.
MatasciN.,HungL.-H., YanZ., Carpenter E.J.,WickettN.J.,Mirarab S.,
Nguyen N., Warnow T., Ayyampalayam S., Barker M., Burleigh J.G.,
Gitzendanner M.A., Wafula E., Der J.P., dePamphilis C.W., Roure
B., Philippe H., Ruhfel B.R., Miles N.W., Graham S.W., Mathews S.,
Surek B., Melkonian M., Soltis D.E., Soltis P.S., Rothfels C., Pokorny
L., Shaw J.A., DeGironimo L., Stevenson D.W., Villarreal J.C., Chen
T., Kutchan T.M., Rolf M., Baucom R.S., Deyholos M.K., Samudrala
R., Tian Z., Wu X., Sun X., Zhang Y., Wang J., Leebens-Mack J.,
Wong G.K.-S. 2014. Data access for the 1,000 Plants (1KP) project.
Gigascience. 3:17–10.
McKain M.R., Johnson M.G., Uribe-Convers S., Eaton D., Yang Y. 2018.
Practical considerations for plant phylogenomics. Appl. Plant Sci.
6:e1038.
Medina R., Johnson M., Liu Y., Wilding N., Hedderson T.A., Wickett
N., Gofﬁnet B. 2018. Evolutionary dynamism in bryophytes:
phylogenomic inferences conﬁrm rapid radiation in themoss family
Funariaceae. Mol. Phylogenet. Evol. 120:240–247.
Muñoz-Rodríguez P., Carruthers T., Wood J.R.I., Williams B.R.M.,
Weitemier K., Kronmiller B., Ellis D., Anglin N.L., Longway L.,
Harris S.A., Rausher M.D., Kelly S., Liston A., Scotland R.W. 2018.
Reconciling conﬂicting phylogenies in the origin of sweet potato
and dispersal to Polynesia. Curr. Biol. 28:1246–1256.e12.
Olmstead R.G., Sweere J.A. 1994. Combining data in phylogenetic
systematics: an empirical approach using three molecular data sets
in the Solanaceae. Syst. Biol. 43:467–481.
Palmer J.D., Jansen R.K.,MichaelsH.J., ChaseM.W.,Manhart J.R. 1988.
Chloroplast DNA variation and plant phylogeny. Ann. Mo. Bot.
Gard. 75:1180–1206.
Prum R.O., Berv J.S., Dornburg A., Field D.J., Townsend J.P., Lemmon
E.M., Lemmon A.R. 2015. A comprehensive phylogeny of birds
(Aves) using targeted next-generation DNA sequencing. Nature.
526:569–573.
Ruhfel B.R., Gitzendanner M.A., Soltis P.S., Soltis D.E., Burleigh J.G.
2014. From algae to angiosperms–Inferring the phylogeny of green
plants (Viridiplantae) from 360 plastid genomes. BMC Evol. Biol.
14:23.
Slater G., Birney E. 2005. Automated generation of heuristics for
biological sequence comparison. BMC Bioinformatics. 6:31.
Smith S.A., Brown J.W. 2018. Constructing a broadly inclusive seed
plant phylogeny. Am. J. Bot. 105:302–314.
Soltis D.E., Soltis P.S., Rieseberg L.H. 1993. Molecular data and the
dynamic nature of polyploidy. Crit. Rev. Plant Sci. 12:243–273.
Stubbs R.L., Folk R.A., Xiang C.-L., Soltis D.E., Cellinese N. 2018.
Pseudo-parallel patterns of disjunctions in an arctic-alpine plant
lineage. Mol. Phylogenet. Evol. 123:88–100.
Sullivan A.R., Schiffthaler B., Thompson S.L., Street N.R., Wang X.R.
2017. Interspeciﬁc plastome recombination reﬂects ancient reticulate
evolution in Picea (Pinaceae). Mol. Biol. Evol. 34:1689–1701.
SunM., Soltis D.E., Soltis P.S., ZhuX., Burleigh J.G., ChenZ. 2015. Deep
phylogenetic incongruence in the angiosperm clade Rosidae. Mol.
Phylogenet. Evol. 83:156–166.
The Angiosperm Phylogeny Group. 2016. An update of the
Angiosperm Phylogeny Group classiﬁcation for the orders
and families of ﬂowering plants: APG IV. Bot. J. Linn. Soc.
181:1–20.
VatanparastM., Powell A., Doyle J.J., EganA.N. 2018. Targeting legume
loci: a comparison of three methods for target enrichment bait
design in Leguminosae phylogenomics. Appl. Plant Sci. 6:e1036.
Copyedited by: YS MANUSCRIPT CATEGORY: Systematic Biology
[17:26 6/6/2019 Sysbio-OP-SYSB180084.tex] Page: 606 594–606
606 SYSTEMATIC BIOLOGY VOL. 68
Villarreal J.C., Cargill D.C., Hagborg A., Soderstrom L., Renzaglia K.S.
2014. A synthesis of hornwort diversity: patterns, causes and future
work. Phytotaxa. 9:150–166.
Villaverde T., Pokorny L., Olsson S., Rincón-Barrado M., Johnson
M.G., Gardner E.M., Wickett N.J., Molero J., Riina R., Sanmartín
I. 2018. Bridging the micro- and macroevolutionary levels in
phylogenomics: Hyb-Seq solves relationships from populations to
species and above. New Phytol. 220:636–650.
Walker J.F., Yang Y., Feng T., Timoneda A., Mikenas J., Hutchison V.,
Edwards C., Wang N., Ahluwalia S., Olivieri J., Walker-Hale N.,
Majure L.C., Puente R., Kadereit G., LauterbachM., Eggli U., Flores-
Olvera H., Ochoterena H., Brockington S.F., Moore M.J., Smith
S.A. 2018. From cacti to carnivores: improved phylotranscriptomic
sampling and hierarchical homology inference provide further
insight into the evolution of Caryophyllales. Am. J. Bot. 105:446–462.
Weitemier K., Straub S.C.K., Cronn R.C., Fishbein M., Schmickl
R., McDonnell A., Liston A. 2014. Hyb-Seq: combining target
enrichment and genome skimming for plant phylogenomics. Appl.
Plant Sci. 2:1400042.
Wickett N.J., Mirarab S., Nguyen N., Warnow T., Carpenter E., Matasci
N., Ayyampalayam S., Barker M.S., Burleigh J.G., Gitzendanner
M.A., Ruhfel B.R., Wafula E., Der J.P., Graham S.W., Mathews S.,
Melkonian M., Soltis D.E., Soltis P.S., Miles N.W., Rothfels C.J.,
Pokorny L., Shaw A.J., DeGironimo L., Stevenson D.W., Surek
B., Villarreal J.C., Roure B., Philippe H., dePamphilis C.W., Chen
T., Deyholos M.K., Baucom R.S., Kutchan T.M., Augustin M.M.,
Wang J., Zhang Y., Tian Z., Yan Z., Wu X., Sun X., Wong G.K.S.,
Leebens-Mack J. 2014. Phylotranscriptomic analysis of the origin
and early diversiﬁcation of land plants. Proc. Natl. Acad. Sci. USA.
111:E4859–E4868.
Yang Y., Moore M.J., Brockington S.F., Soltis D.E., Wong G.K.-S.,
Carpenter E.J., Zhang Y., Chen L., Yan Z., Xie Y., Sage R.F., Covshoff
S.,Hibberd J.M.,NelsonM.N., Smith S.A. 2015.Dissectingmolecular
evolution in the highly diverse plant clade Caryophyllales using
transcriptome sequencing. Mol. Biol. Evol. 32:2001–2014.
Zeng L., Zhang N., Zhang Q., Endress P.K., Huang J., Ma H.
2017. Resolution of deep eudicot phylogeny and their temporal
diversiﬁcation using nuclear genes from transcriptomic and
genomic datasets. New Phytol. 214:1338–1354.
Zimmer E.A., Wen J. 2012. Using nuclear gene data for plant
phylogenetics: progress and prospects. Mol. Phylogenet. Evol.
65:774–785.
